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The second Envisioning Report for
Empowering Universities in the uptake
of new modes of teaching and learning

This is a report by the expert pools of the EMPOWER programme established by EADTU to cover
the latest trends and developments in new modes of teaching. New modes of teaching and learning
create new opportunities for enhancing the quality of the learning experience in on campus
programmes, reaching out to new target groups off campus and offering freely accessible courses
nationally or worldwide through the internet. They enhance the quality, visibility and reputation of
the institution.

The implementation of new modes of teaching and learning requires institutional strategies and
frameworks. It cannot be successful without a strong motivation of a professional teaching staff
and without a continuous commitment from the top management of a higher education institution.

The EMPOWER expert pools are working in all relevant areas for the development of new modes of
teaching and learning. For this second edition the expert contributions mainly focus on:

Learning analytics; using data analytics to support students in improving their learning outcomes
University challenges; what are the key challenges universities are facing in transition to online and
blended education?

Blended education; new approaches and experiments in the field of blended education and related
pedagogies and assessment methods.

Student support; supporting prospective and new students through technologies in ODL, digital
literacy and the changing role of libraries are addressed.

Continuous education/CPD; the entrepreneurial university is highlighted as well as enhancing career
practitioners’ competencies in the use of ICT.

The Envisioning report is a selection of good practices and studies done by the experts connected to
EADTU’s EMPOWER programme. EMPOWER is further supporting individual universities by on site
expert seminars with free independent advice, onsite and online seminars, guidance for university
leaders, expert panels for targeted reviews and, support for whole of institution initiatives. Further,
EMPOWER hosts the Empower Online Learning Leadership Academy (EOLLA) on new and emerging
models of teaching and learning.

We certainly believe also this second edition of the EMPOWER Envisioning Report is an inspiration
for many to further innovate education and start cooperation and sharing of expertise with fellow
innovators.

George Ubachs
Managing Director EADTU



Learning Analytics




Rafael Hidalgo

The Open University

Innovative impact

Regularly accessing and
discussing the data has enabled
academic teams to introduce
changes in presentation (and/or
for following presentations) of
modules across the University,
aimed at improving student
outcomes. It has also provided
useful information on design
issues appearing often in our
modules. By sharing these
findings widely, TEL Design is
able to inform stakeholders of
design good practices based on
evidence, contributing to better
design standards.

In the long term it is expected
that the use of data analytics to
continuously improve student
outcomes will be the standard,
as more complete data sets and
better data visualising
technologies become available
and more affordable. All
institutions will create and
develop dedicated teams to work
in this field. They will need to
develop staff skills in working
with data, within the context of
data analytics.

Analytics for Action: using data
analytics to support students in
improving their learning outcomes

Introduction

Data Analytics are now everywhere. Most industries are using the
customer data they collect to gain intelligence and insight into the
preferences and aspirations of those customers. Organisations in the
public and private sector are using analytics to measure and improve
their processes and outcomes. Professional sports are a
good example. Almost all teams in top leagues are now using data
analytics to inform their decisions, with recent examples of non-
favourites teams winning top competitions when data analytics
was used systematically. Higher Education is not an exception.
The increased use of Virtual Learning Environments as the main
vehicle to deliver content to students has provided an
unprecedented access to large datasets (Arbaugh, 2014) on the
interactions of students with the different pedagogic activities
provided online. Understanding these interactions is perceived as a
powerful tool to enhance the design of online modules and to
provide targeted support to students, helping them to improve
their learning outcomes. Greller and Drachsler, (2012) have
considered additional dimensions required for a holistic approach to
the use of learning analytics, including users and processes. At
the Open University the Technology Enhanced Learning Design team
is working closely with academics to improve student outcomes by
introducing data-informed, evidence based changes in presentation,
using a specifically designed framework known as Analytics for
Action (A4A)

Analytics for Action

Based on the Analytics for Action evaluation framework (Rienties et
al., 2016), the Open University Learning and Teaching Centre ran a
two-year Analytics for Action (A4A) pilot aimed at enabling evidence-
based change during presentation. This was part of a wider project
that included Real-time Student Feedback, Student progression
reporting, Ethics and Predictive modelling (OU Analyse). At the end of
the project, the University decided to implement A4A as part of the
ongoing efforts to support students and help them improve their
learning outcomes. TEL Design was selected to run the process as its
staff are specialists on providing an evidence-based focus on student
outcomes. The team are also familiar with the design so it provided a
natural long-term home for Analytics for Action. Using data analytics
became a mainstream activity.

Support and Training

Different levels of support are available to academic teams looking at
a specific module, ranging from a dedicated team mailbox to a
fullsupport scheme which includes data support meetings,
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comprehensive reports and recommendations on possible actions
based on documented good practices.

TEL Design and the Faculties work together in the selection of the
modules that will receive full support. The final decision, informed by
TEL Design, resides with the Faculty. Based on previous experience,
the current Selection criteria goes beyond modules perceived as
underperforming in the Annual Quality Review and include new
modules, modules with particular pedagogic challenges and/or
innovative approaches, modules with high student population, and
modules included in key qualifications.

Data support meetings are chaired by Senior TEL Designers (STELDs),
who bring a wider view as they are exposed to data covering a range
of modules and are aware of the design features. Academic staff
attending provide a more in-depth knowledge of their modules.
Both groups review the data and agree on the issues to be
investigated. STELDs may suggest actions from the options available
(Rienties et al. 2015) and follow up the implementation.
STELDs also prepare comprehensive reports on discussions and
agreed actions. These reports are stored in a shared area and are
available to Faculty staff. Faculty stakeholders also receive a
summary report with key indicators

Common themes investigated at the data support meetings are:

a) Student profile: including demographic and qualification profiles

b) Concurrency: number of modules and credits being studied
concurrently, potential clashes at assessment points, alignment
with qualifications design and Faculty advice

c) Assessment submission rates: proportion of students submitting
each assessment, unexpected rate drops between assessments,
average scores, impact of extensions and correspondence with
assessment strategy, comparisons with similar modules

d) Withdrawer profiles: who are the students who withdraw, which
qualifications are most affected, which groups are more affected

e) On line engagement and tools and resources usage: overall access
to the module website, use of specific VLE tools and resources
featured in the website, frequency and timing of visits and
alignment with design elements, specific tool reports on
engagement and formative assessment via electronic quizzes

f) Retention: formal rate of students still registered in the module,
passive withdrawers, sudden or accelerated drop rates and
correspondence with module design and/or contents

g) Pass and completion rate: historical trends and comparison
against similar modules, comparisons against predicted results

The data reviewed at the Data Support Meetings and the
corresponding report often result in further and deeper conversations
covering wider aspects of the data and in relation to Module Design,
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leading to more in-depth questions beyond the specific module reviewed.

TEL Design also offers regular and ad hoc training sessions that enable staff to get started in using readily
available data on their module(s). These training sessions cover the A4A evaluation framework, the Active
Presentation Toolkit and the Data sources. The sessions are mostly a hands-on experience in which the
users review data relevant to their module(s), helping them develop their data analysis skills
with personalised support from instructors. While the contents of the training are in essence the same,
ad hoc training sessions are often adapted to meet the specific requirements of the audience.

Active Presentation Toolkit

TEL Design maintain and update the Active Presentation Toolkit, a website available to OU staff containing
step by step instructions for running an active presentation, using the data available. It includes the staged
process suggested in the A4A evaluation framework a template to capture results, reference documentation,
a description of tools available, links to the various data sources as well as to existing case studies and
related papers at the Evidence Hub.

Actions and Feedback

A number of actions were taken after the discussions held at the Data Support Meetings with measurable
positive impact in some modules across the University. (Evans, G., Calder, K, & Hidalgo, R., 2017).
Additionally, discussions held at those meetings have led to the identification of common issues impacting
student outcomes, including workload issues, knowledge or skills gaps, retention and community
and collaboration difficulties. (Jones, E., 2017)

Feedback has been received from different stakeholders through formal (surveys) and informal
channels (email) and has been overwhelmingly positive for both the Training and the Data Support
Sessions. Trainees have found the trainers “were able to support individual learners with their unique
issues” and the sessions were "Hands-on appropriate support and guidance using real live data”. To the
statement “Overall, I am satisfied about the training session”, 56% - 25 out of 45- of the respondents
replied “Totally agree”, while a further 42% replied “Agree”. Attendants to the Data Support meetings
expressed they were “able to go “off grid” and actually - finally! - get some insights and answers into
presentation questions we have had for ages”. They also mentioned that the session gave them “something
to think about for the future presentations”

Conclusion

Positive feedback and increased awareness about learning analytics have resulted in an increased demand
for the support available via the A4A programme. Modules supported have grown from 29 in 2016/17 to 52
in the current year. Students reached have also increased from over 25,000 to over 38,000 in the same
period and staff trained - mostly academic and academic related staff- will double from 75 to over 150. This
increase in the level of engagement across Faculty staff is essential for the deployment and efficient use of
data analytics as a tool to support and improve student outcomes. While the quality and reach of the data
sets, as well as the technology used to visualise data are key elements to consider, the success of the
initiatives using data analytics will depend largely on the staff involvement and ownership. No institution will
be able to afford ignoring the evidence from the data, without losing competitiveness in the future. Data
analytics will be business as usual for all stakeholders involved in module production.




Vassilios S. Verykios and
Elias C. Stavropoulos

Big Data Analytics and
Anonymization Lab,
Hellenic Open University

Innovative impact

Overall it is obvious that
Learning Analytics and its
application to different contexts
and environments has the power
to transform the educational
system as a whole, as well as to
tailor the learning experience to
the specific needs of individual
students which will lead
eventually to their success.

Using the resources available in
our lab, we have been able to
conduct research and
experiment with the
implementation of various
Learning Analytics case studies
with some promising outcomes.

Even though we are at the initial
stages we hope to be able to
discover ways to revolutionalize
our learning and teaching
environments by offering our
students the best possible
services.

Exploring the Power of
Learning Analytics

Introduction

In this paper we describe the initiatives taking place within the
Big Data Analytics and Anonymization Lab at the Hellenic Open
University. The object of this lab is to conduct research in the field
of large scale data management and analysis in conjunction with
privacy protection of this data with the view to understand
student behavior and interaction both with their peers but also
with the teaching staff. The desired outcome is to be able to make
decisions that will benefit not only the students by improving the
learning process but will also enable the faculty, administration
and the institution to take steps that will elevate the services it
provides.

In a few words, what we endeavor is to take advantage of sources
of data within our student and teaching population which we believe
are appropriate for the application of Learning Analytics
techniques. We then apply these techniques in order to detect
actionable and novel patterns, which will offer us a deeper
understanding of the educational process and how it can be
improved. This process requires specialist knowledge of the
techniques and the tools involved, as well as being knowledgeable
about the field in which the techniques will be applied and any
special requirements that apply to this specific field.

Richard E. DeMillo, a distinguished professor of computing and
an accomplished author, in his book, Revolution in Higher
Education (DeMillo, 2015), perfectly outlines the problems higher
education institutions in their majority are facing today. He argues
that colleges and universities are becoming insufferably costly which
at some point will render them incapable of sustaining their
existence. He also talks about the fact that many graduates lack
necessary skills for the modern job market, which means that
not only do we have an unqualified workforce but also
institutions are proving themselves to be irrelevant and outdated.

It appears that one of the answers to these problems is all around
us. We live in an era of rapidly developing technology where
information is being gathered at an ever increasing rate. The way
we capture, store, and analyze this huge wealth of data will
determine how successful we are in improving the future of
academia as well. While it is true that big data is a field of immense
interest, unfortunately the spotlight is on how to store, index,
retrieve and interrogate the data rather than how to analyze and
utilize it in an efficient and user friendly way which is a shame
as the answers to most problems are hidden within this ocean of
data.
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From Data Mining to Learning Analytics

The process used to achieve the discovery of knowledge from data
is called data mining. Ronny Kohavi, general manager for
Microsoft’s Analysis and Experimentation team, in his visionary talk
in ICML 1998 “Crossing the Chasm: From Academic Machine
Learning to Commercial Data Mining” (Kohavi, 1998) very
accurately pinpointed the necessary steps we need to take so as
to fully benefit from big data. He emphasized that data mining is an
iterative process, meaning that the more we learn the better
questions we will ask, making the potential for learning and
developing infinite. He also noted that it is vital that our findings

are useful and relevant and perhaps even more importantly
understandable and usable.
Learning Analytics (Siemens & Long, 2011) or Educational

Data Mining, as it is often termed, refers to the application of data
mining techniques to data from an educational environment. If
we had to define Learning Analytics, we would say that it is the
collection of data from different educational resources, ranging
from the individual student to a broader institutional scale which
could encompass the university as a whole that would greatly
increase the possibilities of discovering patterns, developing
predictive models and using these models to take corrective steps
to alter the course of the students’ progress. However, it is not
only students that this process can be applied to, faculty,
administration and institutions may also take stock and
implementing changes that will lead to their developing and
evolving in order to provide an improved educational environment.

There are two ways to apply learning analytics (Gontzis et al.,
2017). The first one would be to migrate the data, which may
involve transferring it to another machine, to another system or
to another software program. The second option is to use tools to
process the data in its native environment. Both approaches
have their advantages although there are disadvantages in both
cases. Some of the tasks one can accomplish by using one of the
aforementioned LA approaches for solving a problem in a data
analytic way include amongst others classification, clustering,
association rule analysis, text mining, sentiment analysis etc. It is
necessary for an analyst to know the specifics of these tasks so
that he can apply learning analytics in a viable way.

An LA Methodology for HOU

The LA methodology we are demonstrating involves the observation
of a student from application to graduation. Data is gathered and
stored in our information systems where it can easily be retrieved
and by using some of the LA techniques it can be analysed in
order to discover patterns of student’s behaviour in correlation
with student learning outcomes. It is vital to be able to
distinguish the patterns which are most pertinent and useful for the
given student sample and to be able to assess how these can be best
communicated and utilized in order to achieve maximum impact.

Below are some exemplary scenarios showcasing how the
methodology is applied at various stages of the learning
process

10
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ranging from admission and course participation, to final
exam performance. A lot of information about the people who
apply can be found in the admission data set, and a lot of
knowledge can be produced with respect to the patterns followed
by applicants, so that the university can in advance adjust its
offering of new courses or decide the closure of others. A
geographical distribution of the applicants can shed some light
on the origin of the students so as to plan for the distribution of
annexes in the future. For example, the graph in Figure 1la
(Kagklis et al., 2017) below is the spatial distribution of the
applicants” origin. The regions of ATTIKI, ACHAIA, and
THESSALONIKI are where we find the highest percentage of
applicants, although for the rest of the country, there is not
a particular pattern that can be detected. The graph in Figure
1b (Kagklis et al., 2015) signifies that female applicants
outnumber males and that the majority of the students applying to
the university belong to the 25-34 age bracket followed by the 35-44
year olds.
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Figure 1. Results from processing student adm|55|on data

The largest part of the data that support our LA methodology
are coming from the learning management system used for the
offering of the courses. A great amount of data spanning from
logging data, posts to forums, assignments, and grades, have a
central role in the analysis techniques used (Lotsari et al., 2015).
The graphs in Figures 2a and 2b below show the student
engagement in relation to the time of the day which indicates
that students are more active in the evenings which is logical
especially in our institution which caters to mature students and
the completion progress of students which exhibits how well
and timely designated homework, quizzes and projects are
completed by students.

Number of student activities Overview of students
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(a)  Student activity distribution in hours (b)  Student activity completion monitoring

Figure 2. Results from processing data from the LMS

Future Plans

Our vision for the future (Verykios, 2017) is to create software
and applications like the Forecast mobile application from
Purdue University, which helps students to develop habits and
behaviours that will lead to a successful academic life by monitoring
their progress and detecting underlying signs of positive or negative
activities.




Slavi Stoyanov

Open University of the
Netherlands

Innovative impact

In shorter term the paper:

e Describes the relationships
between design for learning
and learning analytics.

e Identifies issues linking
design for learning and
learning analytics that needs
to be addressed.

e Describes an integrative
design for learning
hypothetical model that
provides context for learning
analytics indicators.

e Provides an example for a
learning analytics indicator
embedded in the design for
learning model.

In longer term the paper:

e Would help in constructing
an evidence-based design
for learning framework with
content-based learning
analytics indicators.

e Would guide university
teachers in designing their
courses.

e Might be translated into LMS
LD specifications

Model-driven design for
learning with learning
analytics

Introduction

While recognizing the need for alignment of design for learning
and learning analytics this brief position paper emphasizes the
primary role of an integrated evidence-based instructional design
model that frames where and how learning analytics indicators can
be embedded in learning and instruction processes.

Setting the Scene

A preliminary targeted literature review identified a growing body of
research linking design for learning and learning analytics (Brouns &
Firssova, 2016; Emin-Martinez, Hansen, JesuUs Rodriguez-Triana,
Wasson, Mor, Dascalu & Ferguson, 2014; Gasevi¢, Dawson, Rogers &
Gasevic , 2016; Gasevi¢,, Dawson & Siemens, 2017; Persico & Pozzi,
2015; Hogaboam, Chen, Hmelo-Silver, Lajoie, Bodnar, Kazemitabar,
Wiseman & Chan, 2016; Knight & Buckingham Shum, 2014; Lockyer,
Heathcote,& Dawson 2013; Monroy, Snodgrass Rangel & Whitaker,
2014; Rienties, Nguyen, Holmes & Reedy, 2017; Rodriguez-Triana,
Martinez-Monés, Asensio-Pérez & Dimitriadis, 2015; McKenney &
Mor, 2015; Ruiz-Calleja, Prieto, Tobias, Rodriguez-Triana &
Dennerlein, 2017; and Wise, 2014).

From the one side, design for learning (DL) describes the context
for learning analytics (LA) and defines the conceptual frameworks
for meaningful interpretation of learning analytics data. From the
other, learning analytics provide empirical evidence for the
impact of a particular design for learning by validating assumptions
embedded in that design for learning, which eventually leads to
changes in the design. The need for investigating the inherent
relationship between design for learning and learning analytics,
as identified in the literature, is also in line with the
empirical findings from experts’ online consultations on learning
analytics applying Group Concept Mapping (Scheffel, Drachsler,
Stoyanov & Specht, 2014; Drachsler, Stoyanov & Specht, 2014;
see also Stoyanov, & de Vries, 2016.

Although an increased research interest in and progress made toward
aligning the domains of design for learning and learning
analytics there still remain some issues that need to be addressed.

1. Designs for learning that inform learning analytics are not
build on evidence-based principles and empirically validated
practices. In case when a reference is made to the learning
sciences paradigm it is at a very general level. It points at
either learning theories such as behaviorism, cognitivism and
connectivism, or discussing instructional design models (e.g.,
ADDIE).
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2. Learning analytics have been introduced as a completely new educational phenomenon, which
borrows heavily from data science, business intelligence, marketing, and
recommendation systems. This is important and useful consideration that will definitely
contribute to the development of learning analytics field but it obscures the fact that this
phenomenon has own scientific history.

3. The most obvious LA indicators have been so far summative based on some quantitative
measures such as page access, time on task or a successful submission of an assignment. These
LA “check-points” feedback are certainly helpful to register that someone did something, but
they are not sufficiently informative to suggest concrete just-in-time “process” and
“content”” type LA feedback.

Constructing a hypothetical design for learning model is critical because it determines the type and
place of learning analytics indicators.

Design for learning hypothetical framework

The design for learning hypothetical framework consists of a number of guidelines/heuristics that
are based upon some evidence-based instructional design approaches, namely: Four Component
Instructional Design Model - 4C/ID (Van Merriénboer, & Kirschner, 2007), Cognitive Apprenticeship
Approach - CAA (Brown, Collins & Duguid, 1996), Cognitive-Flexibility Theory - CFT (Spiro & Jehng,
1990, Problem-Based Learning - PBL (Hmelo-Silver, 2004), Community of Practice - CoP (Wenger,
McDermott, Snyder, 2002), Epistemic Frames - EF (Shaffer, 2006), Design-Inquiry of
Learning - DIL (Mor, & Mogilevsky,2013), Cognitive Load Theory - CLT (Sweller, Ayres &
Kalyuga, 2011) and Personal Learning Environment - PLE (Fournier, Kop & Hanan, 2015). Such an
effort is similar to the First Principles of Instructional Design (FPID) introduced by D. Merrill (Merrill,
2002). It is out of the scope of this paper to list all possible guidelines that constitute the model.
What follows are some examples to illustrate the idea.

Confront students with a real-life problem that represents a particular professional practice, a whole-
task practice, reference situation, or an epistemic frame. Almost all of the DL approaches
recommend that (4C/ID, CAA, CFT, EF, PBL, and DIL)

Divide the problem into a set of classes of tasks. Order them from simple-to complex (4C/ID, CAA,
CoP, CLT). Instead of classes of tasks, these could be stages of an systematic problem solving approach.

Vary the tasks as much as possible so they reflect complexity of the whole-task practice,
reference situation, or practice of a community (4C/ID , CAA, CFT, CoP).

Give learners opportunities to reflect on and articulate the information found using specialized
web services outside the learning environment (PLE, CFT).

Learning Analytics indicators could be attached to some of the guidelines. For example, if we ask
the learners to reflect on what they have found during the search, content type of LA indicators, based on
text mining could reveal what learners are talking about and why.

Conclusion

The paper emphasizes the need for building an evidence-based design for learning model that
determines the type and place for learning analytics indicators and provides context for a meaningful
interpretation of learning and instruction data.
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Innovative impact

Short term innovative impacts:

- Opening access to higher
and professional
education programs for
students with different
learning needs;

- Widening the potential
audience of a
training/education
provider;

- Innovate organizational
vision in course and
curriculum design,
delivery, assessment.

Long term innovative impacts:

- Social inclusion and
integration of groups of
potential students with
minor opportunities
(beyond
cognitive/perception
impairments, including
immigrants and
refugees);

- Innovation in programs,
learning outcomes
centered design affecting
all the curriculum/course
phases;

- Reducing skills shortage
involving in the
education/training
programs a wider
population.

Accessibility challenges in
Higher and Professional
Education

Introduction

Inclusive education is a global goal, pursued by
International Organization such as UNESCO, UN and, at European
Institution level since years.

In 1994, the Salamanca Statement on Special Needs
Education underlined how educational policies should take full
account of individual differences and situations; focus was set
not only on children, but also on youth and adult education,
both at secondary and higher education level, as well as in
training programmes. The key-phrase of the document was clearly
education for all. A specific chapter is devoted to the preparation
for adult life: "Young people with special educational needs
should be helped to make an effective transition from school
to adult working life". At strategy definition level, the 2030
Agenda for Sustainable Development: United Nations Sustainable
Development 17 Goals defines in Goal 4 "Ensure inclusive and
quality education for all and promote lifelong learning"” a
specific target: by 2030 [...] ensure equal access to all
levels of education and vocational training for the
vulnerable, including persons with disabilities, indigenous peoples
and children in vulnerable situations.

Through the Incheon Declaration, UNESCO - as the UN specialized
agency for education - was entrusted to lead and coordinate
the Education 2030 Agenda. The Education 2030 Framework for
Action sets as one of the objective equity, inclusion and gender
equality in education, stressing the role of lifelong learning as one of
the pillars of the abovementioned Sustainable Development -
Strategic Goal 4.

Accessibility through ICT in Higher
Education / Continuous Professional
Development

Use of ICT in education is a priority on European policy
agenda and there are numerous strategies adopted by
European Commission promoting and encouraging the use of ICT
to improve learning and teaching experience (EC 2009, 2010,
2012, 2013). ICTs enable addressing students’ needs even at
individual level, thus effectively answering to the specific needs
of each student and particularly to those that were previously
excluded from the system (either because they didn't simply
reveal to possess the minimum requirements to frequent the
course; or just because they have some kind of disability that
may affect their normal attendance at the University). In
this sense, technology clearly seems to promote inclusion.
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Comparable examples
"Gaps and Needs Analysis:
European Report and Roadmap"
is a Needs analysis report
focusing on visually and hearing
impaired people access to
Higher Education, developed
through ISOLearn project,
available at: https://tinyurl.com/
ISOLearn-Needs-Analysis

"Innovation and Social Learning
in Higher Education" is a
handbook for implementing
accessibility in HEIs, focused on
visually and hearing impaired
people, developed through
ISOLearn project, available at:
https://tinyurl.com/ISOLearn-
Handbook

"Vocational Training for ADHD
Learners - Compendium of Good
Practices" is a cross-country
research analyzing 21 good
practices and national guidelines
at EU level for training provision
to ADHD learners, available at:
https://tinyurl.com/Q4ADHD-
Compendium

"Q4ADHD Online Assessment
Tool", an orientation tool
designed for institutions and
institutions' leaders, providing
inputs for improving their
capabilities in reaching
effectively ADHD learners,
available at:
http://tools4adhd.eu/online-
assessment-tool/

Accessible education and training

While several guidelines and how-to are available as open/
free resources in order to be “compliant to” some national or
international accessibility specification or regulation, a systemic
approach for accessibility should involve all the organizational
levels in @ HEI and CPD providers:

e Accessibility policy, stated at Institutional Level (management
bodies) should provide accessibility policies defining standards,
aims and services provided in order to grant access to students
with different learning needs / minor opportunities;

e Information accessibility; within its accessibility policy
statements, a HEI have to state fundamentally two things: the
standard it aims to comply to, and the level of compliance it aims
to meet;

e Course contents: online courses must comply with Web
accessibility standards (WCAG 2.0); furthermore, accessibility in
teaching and learning processes addresses also other pedagogical
and technological aspects. At institutional level, guidelines and a
reference framework to be the base of Curricula, course and
didactic material design and provision. A complete framework for
accessibility in Higher Education, providing theoretical foundation
and practical guidelines and examples, is the UDL - Universal
Design for Learning - framework , defined in the USA Higher
Education Opportunity Act of 2008 (HEOA).

e Support and training to faculty and teaching staff:
Continuous support to faculty and teaching staff is fundamental in
order to comply with accessibility standards in day by day didactic
activities.

e Curriculum/Course design and delivery: the abovementioned
UDL - Universal Design for Learning - framework is a set of
principles for curriculum development; three primary principles,
which are based on neuroscience research, guide UDL and provide
the underlying framework for the Guidelines: 1. Provide multiple
means of representation; 2. Provide multiple means of action and
expression; 3. Provide multiple means of engagement.

e Assessment and evaluation: specific settings, technology
provisions and accommodations have to be provided for final
assessments / exams. Furthermore, courses should be designed
taking into consideration the “essential requirements” principle,
stated by Stanford University Office of Accessible Education.
Assessment should not be a final event, but should be a process
taking place all over the course delivery phase.

Challenges

References to handbooks, guidelines, frameworks and
practical example of implementation for each dimension listed
above are available in the "“Comparable examples” section.
Nevertheless, implementing those frameworks in the day-by-day
workflow of a HEI

18



https://tinyurl.com/ISOLearn-Needs-Analysis
https://tinyurl.com/ISOLearn-Needs-Analysis
https://tinyurl.com/ISOLearn-Handbook
https://tinyurl.com/ISOLearn-Handbook
https://tinyurl.com/Q4ADHD-Compendium
https://tinyurl.com/Q4ADHD-Compendium
http://tools4adhd.eu/online-assessment-tool/
http://tools4adhd.eu/online-assessment-tool/

Online Resources

W3C Accessibility Initiative
(WAI) - Web Accessibility Law
and Policies,
https://www.w3.org/WAI/Policy/

World Wide Web Consortium
(W3C), Web Content Accessibility
Guidelines (WCAG) 2.0,
https://www.w3.org/TR/WCAG2
0/

UDL - Universal Design for
Learning - framework;
http://www.udlcenter.org/about
udl/whatisudI

European Commission, European
Disability Strategy 2010-2020: A
Renewed Commitment to a
Barrier-Free Europe", 2010,
http://eur-lex.europa.eu/legal-
content/EN/TXT/HTML/?uri=CEL
EX:52010DC0636&from=en

Quality Matters, Higher Education
Rubric Standards, https://
www.qualitymatters.org/qa-
resources/rubric-standards/
higher-ed-rubric

UN, Sustainable Development
Goal 4,
http://www.un.org/sustainabled
evelopment/education/

UNESCO; Salamanca Statement,
http://www.unesco.org/educatio
n/pdf/SALAMA_E.PDF

UNESCO, Incheon Declaration,
http://unesdoc.unesco.org/imag
es/0023/002338/233813m.pdf

or a professional training provider presents obstacles and
challenges hard to face:

¢ Implementation costs: design for accessibility has a strong impact
in the course design / production / delivery / assessment chain,
impacting also on administrative processes and logistics /
architecture (for blended models); improving, enhancing,
changing has a cost, and in this case a cost to be covered for all
the core component of a training/HE institution;

e Faculty awareness and availability to change: professors, tutors,
trainers will be asked to change the way they teach, they assess,
they create contents.

e Wide range of students’ different learning needs: while we can
adopt a “Universal” approach, different learning needs, cognitive
or perceptive impairments, and in general needs from students
with minor opportunities (immigrants, refugees) will require need-
specific techniques and tools to be used;

e Leadership: management and leaders inside the organizations
should act as driver of innovation and implementation of policies
and strategies at operational level.

Conclusion

The need to be both “universal” and “need-specific” can be identified
as the hardest challenge to address. The key success factor in
developing an effective program, accessible for a specific audience,
is the actual involvement of relevant stakeholders. Users from the
group targeted by the training/HE program have to be involved
since from the design phase, together with relevant stakeholders
(associations and experts in the specific accessibility field the
program want to address), providing inputs and feedbacks
during the design and development of the program, its
contents and its delivery and assessment methodology. From
this point of view, strategic cooperation programs provide
some good practice examples; ISOLearn project (http://
www.isolearn.net) is a strategic partnership project in the field of
HE, addressing accessibility for visually and hearing impaired
people; while Q4ADHD (http://tools4adhd.eu/) is a strategic
partnership project in the field of VET, addressing ADHD
students access to vocational training programs. Working in
both  these projects for UNINETTUNO, the differences in
methodologies and tools for adaptation of contents and
course delivery and accommodation of assessments and exams
emerged clearly.

Nevertheless, it was clear that the initial investment in
accessibility for a specific target group could be useful for a more
wide audience; implementing accessibility in content design
and development, through the compliance to international
guidelines, or adopting an assessment approach focused on
verifying the achievement of the desired learning outcomes,
support-independently, will affect the experience of all students.
Despite of any kind of different learning need, these approaches
improve the overall quality, relevance and effectiveness of the
teaching and learning processes.
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Innovative impact

The E-xcellence methodology (e-
xcellencelabel.eadtu.eu)
facilitates higher education
institutions in reviewing the
quality of their e-learning
offerings, supported by
benchmarks, guiding resources
and external assessors.

An analysis of E-xcellence
reviews at nineteen higher
education institutions was
undertaken, in order to identify
the most challenging aspects of
e-learning provision for the
institutions. The analysis
revealed the E-xcellence
benchmarks that were
considered the most problematic
in self-assessments, or which
attracted the most planned
actions for improvement.

This profiling exercise indicated
that the main challenges were:

e developing e-learning
strategy

e building online academic
communities for
students

e managing staff workload.
There was also a strong focus on
increasing the interactivity of
learning materials. In contrast,
the provision of reliable IT
systems and hardware was
unproblematic.

Excellence in e-learning:
the key challenges for
universities

Introduction

E-learning is increasingly important in Higher Education, but concerns
are often raised about its quality (Vlachapoulos, 2016). An effective
quality enhancement approach for HE institutions is to review and
self-assess their e-learning provision, taking into account all the
relevant aspects. The E-xcellence methodology (Kear et al., 2016;
Kear, Williams & Rosewell, 2014) is a proven way to carry out such a
review, supported by resources and external assessors. As
recommended by Jung & Latchem (2012, pp. 268-9), it takes a quality
enhancement stance that aims for continuous improvement.

The E-xcellence resources (http://e-xcellencelabel.eadtu.eu/) include
a quality manual, guidance for institutions and assessors, and an
online self-evaluation tool. E-xcellence uses a benchmarking approach
(Ossiannilsson & Landgren, 2012) with 35 benchmark statements
grouped under six headings: Strategic Management, Curriculum
Design, Course Design, Course Delivery, Staff Support and Student
Support. Institutions self-assess their capabilities against the
benchmarks, and prepare a plan (‘roadmap’) of future actions mapped
against them. Face-to-face or online discussions with external
assessors complement the self-assessment and can lead to the award
of an ‘E-xcellence Associates in Quality’ label.

E-xcellence reviews have been carried out at a number of European
higher education institutions (HEIs) over the last ten years. These
reviews, taken together, reveal aspects of e-learning that are
particularly challenging for institutions. This article presents an
analysis of the outputs from nineteen E-xcellence reviews carried out
in the period 2009-2016 (Rosewell et al 2017). Identifying the
benchmarks  which institutions frequently self-assessed as
problematic, and those which attracted the most planned actions,
highlights the aspects of e-learning that institutions find most
challenging.

Findings

The results from self-assessment data (see Figure 1) show that staff
Workload management is the benchmark most commonly rated as
problematic. The development of online Academic communities is the
next most problematic benchmark (and this same concern may also
be reflected in self-assessments for Social media). The issue of an
E-learning strategy is also highlighted as problematic.

All institutions viewed some benchmarks as unproblematic (already
largely or fully achieved). For example, Reliability and security was
not rated as problematic by any institution. Notably, all benchmarks in
the area of Student Support, with the exception of Social media, were
judged unproblematic.
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Considering the data from the institutions’ roadmaps for
improvement reveals both similarities and differences to the
pattern shown in the self-assessments. Some benchmarkg
feature similarly: E-learning strategy, Workload management
and Academic communities are seen as problematic in self-
assessments, and are also identified in many institutions
roadmaps for improvement. However, other benchmarks differ
on the two measures. For example, the largest number of
roadmap actions was for Interactivity although this
benchmark was not commonly judged problematic in the self-
assessments. Also there were relatively high numbers of
planned actions for some of the Student Support benchmarks,
even though most of these were judged unproblematic in the
self-assessments.

Discussion

Based on data from the institutions’ self-assessments and
roadmaps, the analysis identified several key issues that
institutions find challenging when implementing e-learning.
These are: e-learning strategy; staff workload; academig
community; and, to some extent, interactivity. The analysig
has also shown that the more practical and technical aspects,
such as providing information for students, and technical
infrastructure, are relatively unproblematic. It is encouraging
that these 'building blocks’ of quality e-learning are in place.

Comparing the two sources of data (self-assessments and

roadmaps) raises further considerations about the issues
identified and the E-xcellence process itself. One might
assume that benchmarks that are frequently scored as

problematic in self-assessments would lead to planned actions
listed in the roadmap. To a large extent this is the pattern
seen. However, the two sets of data are not entirely
consistent. Notably, there were a large number of roadmap
actions for Interactivity even though this benchmark wag
not highlighted as problematic in self-assessments.

Perhaps institutions find it relatively straightforward to include
actions in their roadmap that have already had some work
done on them, and are thus not scored as particularly
problematic in self-assessments. One example is Interactivity.
Improvements here are core concerns for many e-learning
practitioners, who wish to improve quality by moving away

from e-learning as transmissive content delivery; however,
current provision may not be seen as particularly
problematic. There could also be issues highlighted as

problematic in self-assessments where no plans have yetf
solidified that can be committed to a roadmap. Socia
media may be one example; institutions may have held
back from planning major actions in this fast-moving area.
More worrying would be to see evidence of issues frequently
assessed as problematic, but for which few improvement
actions are planned; there is little evidence of this in the current
data.
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Conclusion

An E-xcellence self-assessment and review is an opportunity for an institution to take stock of its e-
learning provision, recognise its strengths and weaknesses, and plan actions that will enhance its quality of
provision. Looking at evidence from past E-xcellence reviews suggests that HEIs introducing e-learning
have faced particular challenges in:

e developing an institutional strategy for e-learning

e building online academic communities for
students

e managing staff workload.

Many HEIs are also planning actions to improve the interactivity of their learning resources.

This picture of the issues that have proved to be challenging for HEIs moving into e-learning should be
of value to other HEIs, and also to educational policy makers.

Count of institutions judging a benchmark as problematic
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Figure 1: Count of institutions judging individual benchmarks as problematic in self-assessments
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Implications of this paper

The implications of this paper
are that the new methods of
collecting and using data such as
Learning Analytics (LA) mean
that any ODL institution needs
to have clear ethical guidelines
which are agreed throughout the
institution. How this is to be
achieved depends on the
institution’s structures. But
probably there needs to be an
institutional Ethics Committee
with student representatives
which develops a set of
principles like (but not
necessarily identical to) those of
Slade and Prinsloo covered in
this paper. Then there must be
regular reviews of how the
current use of LA and other
data-based systems adheres to
those principles.

Perhaps the most difficult
principle will be that of the
access to the data. It is seems
important that students have
access to as much of their
personal data as possible. But if
that data includes predictions
about a student’s ultimate
success, then there is the ethical
conundrum of what effect
knowing that prediction would
have, as noted in this paper.
That needs further research.

Open and Ethical?
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